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The Challenge Contributions
Deep embeddings lack

Interpretability while handcrafted | |- Distribution-aware framework
features lack Contextual - Higher-order descriptor

Results
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VGGFace?2 0.64
SwinFace 0.67
MAE-Face 0.65
LaScA (ours) 0.66

Understanding. Expert knowledge | | - Comparative with SOTA
Is difficult to integrate without
sacrificing Performance.

Wav2Vec?2 0.64
MAE-Audio 0.61
LaScA (ours) 0.62

HiCMAE 0.64
Multimodal MMA-DFER 0.62
LaScA (ours) 0.65

The LaScA Framework
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Feature Names
mfccs, blendshapes
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Feature 0.63
LILM (ours) 0.65

MPNet(F)

Feature 0.64
LILM (ours) 0.65
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Conclusions
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" Description Generation | vl l e

{ Tem{'ate ) Cconcatenation J|7 """ \Combeding ) ™ - Semantic Lexicon improved

" Description Embedding N performance by 1-2%

(_Sentence Transformer_| T Affect - LaScA was competitive with SOTA
At - Training was minimal (130k params)
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